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ways error bars are used for analyzing
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Figure 3: Frequency with which students use codes to describe what error bars represent on a bar graph. Graphs A and B look broadly across the main categories. Graph C looks at students answer confidence. Graphs D — G look at detailed

codes within each of the main categories. Significantly lower frequency by chance is shown by * and significantly higher than by chance is shown by ** based on residuals from chi-square analyses. Total codes used was analyzed using a
Kruskal Wallis test and post hoc Dunn test. Significant differences are shown using letters at the top of the bars.
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